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the Atlantic Ocean the Atlantic Ocean are being conducted are being conducted to lay the foundation for to lay the foundation for 
the identification of signatures of changes in the AMOC Thethe identification of signatures of changes in the AMOC The Convection in theConvection in thethe identification of signatures of changes in the AMOC. The the identification of signatures of changes in the AMOC. The Convection in the Convection in the 
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column in the Labrador Sea area are being column in the Labrador Sea area are being 
studied in relation to the timestudied in relation to the time--series of multiseries of multi--
year satellite datayear satellite dataAVHRR Pathfinder SSTsAVHRR Pathfinder SSTs year satellite data. year satellite data. AVHRR Pathfinder SSTsAVHRR Pathfinder SSTs
The figures (left) show time series of theThe figures (left) show time series of theA five year time series of weekly SSTs over the Labrador Sea areaA five year time series of weekly SSTs over the Labrador Sea area The figures (left) show time series of the  The figures (left) show time series of the  
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A five year time series of weekly SSTs over the Labrador Sea area A five year time series of weekly SSTs over the Labrador Sea area 
(blue in the bottom right panel to the right) from the latest version(blue in the bottom right panel to the right) from the latest version ARGO measurements in the Labrador Sea ARGO measurements in the Labrador Sea (blue in the bottom right panel to the right) from the latest version (blue in the bottom right panel to the right) from the latest version 
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Even though there is over a decade of ARGO data the samplingEven though there is over a decade of ARGO data the samplingEven though there is over a decade of ARGO data, the sampling Even though there is over a decade of ARGO data, the sampling 
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irregular. How does this influence our description of interannualirregular. How does this influence our description of interannualirregular. How does this influence our description of interannual irregular. How does this influence our description of interannual 
variability?variability?Winter convection in the Labrador SeaWinter convection in the Labrador Sea variability? variability? Winter convection in the Labrador SeaWinter convection in the Labrador Sea
Th i k bi i ld SST t i lTh i k bi i ld SST t i l h dh dTh i i i l f i i i h ARGO dTh i i i l f i i i h ARGO d There is a known warm bias in cold SST retrievals There is a known warm bias in cold SST retrievals –– how does how does There are  no convincing signals of winter convection in the ARGO data There are  no convincing signals of winter convection in the ARGO data 
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AVHRR Pathfinder data , is rather invariant from year to year. TheAVHRR Pathfinder data , is rather invariant from year to year. TheAVHRR Pathfinder data , is rather invariant from year to year.  The  AVHRR Pathfinder data , is rather invariant from year to year.  The  
number of cold weeks does show interannual variability but (on thisnumber of cold weeks does show interannual variability but (on thisnumber of cold weeks does show interannual variability, but  (on this number of cold weeks does show interannual variability, but  (on this 
small sample size) is not obviously related to the likelihood of wintersmall sample size) is not obviously related to the likelihood of winter--time time p ) yp ) y
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Next stepsNext stepsNext stepsNext steps
Id tif b tt t i f i t ti i th ARGO d t i th L b d SId tif b tt t i f i t ti i th ARGO d t i th L b d S••Identify a better metric for winter convection in the ARGO data in the Labrador Sea. Identify a better metric for winter convection in the ARGO data in the Labrador Sea. 
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••Extend analysis of  AVHRR Pathfinder SST time series, varying averaging areas.Extend analysis of  AVHRR Pathfinder SST time series, varying averaging areas.
Multiple SSTMultiple SST time series intime series in Labrador SeaLabrador SeaMultiple SST Multiple SST time series in time series in Labrador Sea Labrador Sea ••Include  MODIS and AMSRInclude  MODIS and AMSR--E SSTs into the analysisE SSTs into the analysisyy

••Study wind signals in the wintertime  Labrador Sea area.Study wind signals in the wintertime  Labrador Sea area.y gy g

••Extend analysis to the West Greenland SeaExtend analysis to the West Greenland SeaExtend  analysis to the West Greenland SeaExtend  analysis to the West Greenland Sea

Wind fields in AMOCWind fields in AMOCWind fields in AMOC Wind fields in AMOC 
critical areascritical areas QuikSCATQuikSCAT wind speed and direction data revealwind speed and direction data revealcritical areascritical areas QuikSCATQuikSCAT wind speed and direction data reveal wind speed and direction data reveal 

the reversethe reverse Greenland tip jet 15 January 2004Greenland tip jet 15 January 2004the reversethe reverse--Greenland tip jet 15 January 2004Greenland tip jet 15 January 2004
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The emphasis of the analysis of the surface wind fields will be on the wintertime features in the The emphasis of the analysis of the surface wind fields will be on the wintertime features in the 
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Diagnostics Data Set) time series of all available satelliteDiagnostics Data Set) time series of all available satellite derived SSTs can be derived SSTs can be 
derived Here we show several years of daily values of averaged SSTs in a 2derived Here we show several years of daily values of averaged SSTs in a 2oox2x2oo which occurs to the south of Greenland from November to April, when lowwhich occurs to the south of Greenland from November to April, when low--pressure systems pressure systems 
derived. Here we show several years of daily values of averaged SSTs in a 2derived. Here we show several years of daily values of averaged SSTs in a 2oox2x2oo

cross the south of Greenland where mountains divert the winds, accelerating them around thecross the south of Greenland where mountains divert the winds, accelerating them around the
box centered on the 60box centered on the 60ooN, N, 5555ooW. W. Although there is significant spread between Although there is significant spread between 
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Southern tip of Greenland Peak wind speeds reach well in excess of 20 msSouthern tip of Greenland Peak wind speeds reach well in excess of 20 ms--11 but last forbut last for
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the data setsthe data sets –– the causes of which are under investigationthe causes of which are under investigation –– the pattern of thethe pattern of the

Southern tip of Greenland. Peak wind speeds reach well in excess of 20 msSouthern tip of Greenland. Peak wind speeds reach well in excess of 20 ms--11, but last for , but last for 
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annual cycles are replicated in all data sets. The amplitude of the seasonal cycle annual cycles are replicated in all data sets. The amplitude of the seasonal cycle 
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