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Tropical Cyclone Tracks (category 3 and higher, from Hurdat) and SSS (August-Oct) from 2004 -

2017. (Data from Hurdat and WOD) Best configuration of regression model for PEA-T 50m and respective
_ predictive performance (R-squared). The best method and number of
Global mean R2: 0.25 predictors map are similar to PEA-S 50m and not shown.

3.2 Regression Model vs. SODA

a) SODA data sampling
- SODA data at 0.5 deg, 5-day resolution is interpolated to WOD profiles locations for 2004-2016
period
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l. Introduction

% Ocean provides the major heat source for Tropical Cyclones (TC) via surface enthalpy
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% Ocean stratification also impacts TC intensity by modulating SST via:

- stronger stratification resists vertical mixing Regressed Model - Rsquared (M = 0.27)
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2.3 Building statistical model

cooling -> TC weaken Ocean vertical temperature distribution

While stratification due to temperature can increase or decrease TC-induced SST cooling, 4

stratification due to salinity can only reduce cooling. There is growing evidence on the X, Y
significant role of salinity to TC rapid intensifications. (given location)

— 120°E 180°W 120°W 60°W
M Otlvatl on.: R-squared computed between PEA-S 50m of Regressed model predictions and SODA reanalysis
vs. WOD18 data. Red boxes shows the locations where regressed model outperform SODA,

Stability Game is so from left to right: Bay of Bengal, Gulf of Mexico and Amazon Plume
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on in-situ observations have low spatio Y% b) Performance comparison

2. Respective contributions of temperature and

salinity to ocean stratification were not c) Reasons for poor performance of SODA taking the red boxes as example
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