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Using a diagnostic to evaluate GCM performance in the upper tail of the precipitation Member #1 | :
distribution, we use initial-condition ensembles to explore the role of internal variance in oe
explaining some of the spread in model performance compared to GPCP.
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Where 7% of CMIPS
models agree on
whether there is
more large-scale or
convective
precipitation.

CMIPS5 inter-model spread.
e The large ensembles distinguish locations that are systematically different than
GPCP regardless of ensemble member.
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