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Global mean precipitation rate, evaporation, and Differences in surface RH and thermodynamic Do the differences in AMIP translate to coupled
sensible heat flux in climate models profiles suggest role of vertical mixing simulations!?
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Unsurprisingly, most of the precipitation differences exist over the Tropical rain bands

(Fig 2). 20

We can understand the spread in terms of the difference in surface evaporation rates
over Tropical oceans (Fig 3).
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FIG 10 Anomaly in qv(925hPa) with respect to ensemble mean
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Figure 5: Map of difference in surface
relative humidity between models top 5 and
bottom 5 models. Hatching indicates
differences are not significant at 95% level.

Air is warmer at the surface

XN N and cooler at 925hPa,
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