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Short-lead skill peaks near r~300-400 then declines; the longest-lead window low-frequency variance, becoming more similar to MERRA2. Figure: Mean anomaly power spectrum (odd rows) and LIM ACC vs. lead (even
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short-lead peak but before that long-lead tail. ocean resolution (~10 km), and predictability increases almost everywhere over the ocean Ocean-point means throughout except Continental Europe (land-point mean).

and over Continental Europe (through correlation with the oceans) at HR.
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